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Abstract 
The advent of the fourth industrial revolution (4IR), characterised by the 
convergence of the digital, physical and biological spheres, has reshaped the 
operational landscape and requires a new paradigm for operations research 
(OR) leadership. This study addresses the need to adapt OR education and 
training to educate future leaders capable of managing and harnessing the 
complexity of this digitally transformed world. The study, using qualitative 
analysis of literature, explores innovative strategies for integrating core 4IR 
technologies such as advanced data analytics, artificial intelligence, the Internet 
of Things and digital twins into OR curricula and practical training. In addition, 
the study emphasises the important role of experiential learning through real-
world case studies with intelligent systems and simulations in cyber-physical 
environments. Beyond technical skills, the study emphasises the need to foster 
crucial soft skills, including communication in data-rich contexts, 
interdisciplinary collaboration and ethical decision-making with regard to the 
societal impact of OR applications. By proposing a comprehensive framework 
that prepares OR professionals for constant technological adaptation, ambiguity, 
and rapid disruption, this study provides actionable insights for academic 
institutions, industry training programmes, and individual practitioners seeking 
to develop influential and impactful OR leaders for the 4IR. 
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Introduction 
While the mid-1900s represented a period of rapid growth for operations research (OR), it also 
introduced fundamental tensions that continue to shape the profession. These debates centre on 
three core areas. The first is the methodological split: critics like Russell Ackoff contended that 
the field’s heavy reliance on mathematical optimization - often called Hard OR - ignored the 
complex, human-centric realities of business. This critique gave rise to Soft approaches that 
prioritize problem-framing over pure calculation (Ackoff, 1974).  The second tension involves 
rigor versus relevance. As OR moved deeper into academia, a gap grew between the sophisticated 
models found in journals and the practical, good enough solutions required by managers 
(Petropoulos et al., 2024). Today, this same friction exists between traditional OR and the broader 
world of business analytics. Lastly, the field faces an evolving identity crisis, as scholars debate 
whether OR is being overshadowed by the rise of artificial intelligence (AI) and data science (Le 
at al., 2025). 
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OR as a profession emerged during the Second World War out of the need to apply scientific 
methods to solve complex military problems (Petropoulos et al., 2024; Assumpção et al., 2024; 
Hill, 2024). The British and US military assembled teams of scientists and engineers to optimise 
the use of limited resources. These early OR teams were instrumental in improving the 
effectiveness of new radar systems, identifying the best naval convoy strategies to minimise 
casualties and optimising bombing patterns. The success of these initiatives demonstrated the 
immense value of using quantitative analysis to address real operational challenges, and laid the 
foundation for a new professional discipline (Petropoulos et al., 2024). After the war, OR pioneers 
such as Dantzig applied these wartime methods to civilian problems as early as 1949 (Hill, 2024). 
A major breakthrough came in 1947 when Dantzig developed a simplex method for solving linear 
programming problems, a technique that remains a cornerstone of modern resource allocation 
optimisation. This period also saw the formal establishment of the profession with the founding 
of organisations such as the Operational Research Society in the UK in 1948 and the Operations 
Research Society of America (ORSA) in 1952, which were instrumental in promoting research, 
education, and the application of OR principles. Academic institutions such as MIT soon followed 
suit and established the first formal programmes to train a new generation of practitioners (Hill, 
2024). 
 
The second half of the 20th century was characterised by the transformative influence of 
computers on OR. The increasing speed and storage capacity of computers made it possible to 
analyse larger, and more complex problems that were previously unsolvable, such as optimising 
supply chains and planning airlines on a large scale. This led to the development of specialised 
software and algorithms that made OR techniques accessible to a wider audience. This computer 
revolution enabled the expansion of OR to a variety of industries, including logistics, 
manufacturing, and finance. The field continued to evolve, and integrate with other disciplines 
such as management science and industrial engineering. An important milestone in this 
integration was the merger of ORSA and The Institute of Management Sciences (TIMS) in 1995 
to form the Institute for Operations Research and the Management Sciences (INFORMS). This 
new, unified professional organisation reflected the increasing interdependence of these 
disciplines and consolidated the role of OR as an essential tool for evidence-based decision 
making across a wide range of business and government sectors. Understanding the institutional 
history of OR is vital because it provides the context needed to bridge the gap between rigorous 
mathematical theory and the messy, human-centric problem-solving required in modern 
professional practice. 
 
The 4IR and the Future of OR 
The fourth industrial revolution (4IR) is fundamentally changing the landscape of OR. Traditional 
OR methods, while suitable for many challenges, are increasingly reaching the limits of classical 
binary logic and deterministic models given the unprecedented complexity and scale of 4IR data. 
The rise of technologies such as AI, big data analytics and the Internet of Things is creating huge, 
interconnected and dynamic data sets that require new computational approaches. OR 
professionals must evolve past simplistic computational models, developing instead more 
sophisticated, data-rich frameworks that account for the uncertainty and interdependence inherent 
in modern systems. The evolving needs of the 4IR are forcing OR to explore tools that can deal 
with ambiguity, contradictions and multiple perspectives that are increasingly common in modern 
operational environments. One of the most promising avenues for OR in the 4IR era is the 
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integration of quantum computing. Quantum computers offer transformative potential for 
optimising complex systems, simulating complicated scenarios and analysing huge data sets with 
a level of sophistication previously unimaginable for classical computers. For example, quantum 
algorithms can accelerate the training of AI models. They can also solve complex optimisation 
problems with greater efficiency, impacting areas such as logistics, finance and other industries. 
In addition, the ability of quantum computers to model dynamic developments and capture the 
complex interplay of different factors could be of great benefit in areas such as supply chain 
management, resource allocation and risk assessment in the 4IR context. 
 
However, the use of quantum computing in the context of OR in the 4IR era poses significant 
methodological, ethical and practical challenges. A key hurdle is to translate abstract OR concepts 
and real operational data into quantum states and operations, which requires a deep 
interdisciplinary understanding. Developing new quantum data structures to efficiently store and 
process the diverse and often unstructured data that characterises 4IR environments is also crucial. 
In addition, the inherent uncertainties and incompleteness of real operational data require the 
development of quantum algorithms that can deal with such ambiguities. Ultimately, the 
successful integration of quantum computing into OR requires the promotion of extensive 
collaboration between OR professionals, quantum physicists and computer scientists, as well as 
the provision of accessible quantum computing resources and tailored educational programmes. 
 
While OR has a rich history of solving complex problems, the 4IR introduces a level of digital 
volatility that traditional models weren't built for. For example, a standard optimization model for 
a warehouse works great until you introduce Autonomous Mobile Robots that generate gigabytes 
of data every second. At that point, the math can’t keep up. Recent studies show that without 
integrating AI, traditional OR tools often provide optimal solutions to problems that have already 
changed by the time the calculation is finished (Arteaga-Cabrera et al., 2025) 
 
The Imperative for New OR Leadership in a Digitally Transformed World 
OR leadership is often mistaken for general data science or IT management, but it occupies a 
unique space at the intersection of mathematical rigor and system-wide strategy.  While a digital 
leader focuses on access and an analytical leader focuses on insight, an OR leader focuses on 
optimal action. 
 
The rapid pace of digital change has created an urgent need for a new paradigm of leadership in 
OR (Shahzad, 2024; Buonocore et al., 2024; Santarsiero et al., 2024; Ushaka-Adie et al., 2024). 
In a world increasingly dominated by big data, AI and networked systems, the traditional OR 
leader, who often focuses on optimising well-defined, static problems, must evolve. The digitally 
transformed landscape requires leaders who not only have strong analytical acumen, but also a 
deep understanding of new technologies, their strategic implications and their ethical dimensions 
(Buonocore et al., 2024; Omol, 2024; Schiuma et al., 2024). This new generation of OR leaders 
must be able to deal with ambiguity, foster interdisciplinary collaboration and support innovative 
approaches that go beyond traditional computational boundaries. Their role goes beyond pure 
technical expertise and includes developing a vision, nurturing talent and cultivating an agile, 
adaptable OR culture capable of responding to the dynamic challenges of the 4IR. Effective OR 
leadership in this digitally transformed world requires a keen eye on the future to anticipate the 
impact of disruptive technologies, such as quantum computing, on decision-making processes 
(Cuomo & Foroudi, 2025; Elyashiv, 2025; Cronin, 2024; Dote-Pardo et al., 2025). Leaders must 
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proactively look for opportunities to capitalise on these advances, not just for incremental 
improvements, but for fundamental changes in the way organisations operate and create value 
(Odai et al., 2025). This includes investing in the ongoing education and training of their teams 
and ensuring that OR professionals have the skills to work with advanced analytics, machine 
learning (ML) models and potentially quantum algorithms. In addition, new OR leaders must 
champion data governance and ethical AI principles. They must ensure that the powerful analytics 
tools they deploy are used responsibly and fairly to avoid bias and uphold societal values in an 
increasingly automated environment. 
 
In addition to technical and ethical considerations, new OR leaders must also place a strong 
emphasis on communication and strategic influence (Ioachimescu & Shaker, 2025; Omol, 2024; 
Buonocore et al., 2024). In a digitally transformed company, OR insights are no longer limited to 
specialised departments, but must be incorporated into the decision-making of the entire 
organisation. Leaders need to be skilful communicators, able to translate complex analytical 
insights into actionable strategies for different stakeholders, from technical teams to boards of 
directors. They must also be strategic partners who actively engage with business units to identify 
key issues, drive adoption of OR solutions and demonstrate the tangible value that advanced 
analytical capabilities bring to the bottom line. Ultimately, the new OR leader will be a visionary 
strategist, a champion of technology and a collaborative force that drives the effective integration 
of OR into the core fabric of digitally transformed organisations. 
 
Objectives and Structure 
The main aim of this study is to explore and analyse innovative approaches to educating the next 
generation of OR professionals. The aim is to propose a new teaching model that focuses on key 
competences such as entrepreneurial and critical thinking, which are crucial for success in the 
evolving OR field. The significance of this work is that it helps to bridge the skills gap between 
traditional OR education and the demands of the modern workplace. It provides a critical 
framework to minimise this gap by identifying essential, future-oriented skills and promoting 
continuous learning. By emphasising the importance of transversal skills such as critical thinking 
and adaptability, the study provides a blueprint for developing a workforce that can cope with 
technological change. It also provides information to optimise training methods and curriculum 
development. This ensures that training programmes are relevant and effective, ultimately 
enhancing a company's performance and innovation. 
 
Methodology 
The methodology was primarily a systematic search. It involved searching academic databases 
using keywords and search terms (e.g. "operations research"," "fourth industrial revolution"," 
"training"," "leadership”, “quantum computing”).  The database selection process began by 
identifying platforms frequently used in OR and education, prioritizing those with 
comprehensive, peer-reviewed, and interdisciplinary content. Selection criteria focused on 
relevance, quality, and timeliness, specifically targeting English-language articles from the last 
2–3 years to capture current technological trends. To ensure a holistic perspective, the search 
included diverse industries and management-focused studies. A systematic search was then 
executed. Following the search, articles underwent a two-stage screening process: an initial title 
and abstract review to filter out irrelevant studies, followed by a rigorous full-text evaluation for 
quality. Data from the selected papers - including research focus, methodologies, and key results 
- were extracted into a standardized form. The final analysis synthesized findings on optimization 
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techniques, decision-making impacts, and system integration. By performing a comparative 
analysis to pinpoint research gaps and trends, this methodology establishes a robust foundation 
for understanding how digital twins transform operations management in both theory and 
practice. 
 
Theoretical Lens 
In the context of OR for 4IR, learning is no longer about mastering a static set of mathematical 
formulas. It is about managing systems that are constantly changes.  Experiential learning theory, 
developed by David Kolb, is suited for this study because it bridges the gap between the abstract 
nature of high-level mathematics and the reality of real-time digital environments.  Traditional 
OR education often follows linear models like the Simplex method (theory), solve a textbook 
problem (practice), and take an examination, while 4IR data is high velocity and dynamic.  
Experiential learning theory is not just a teaching method; it is a metacognitive framework. Socio 
- technical systems theory is vital to your research because it asserts that the success of a digitally 
transformed organization depends on the joint optimization of the technical (AI quantum 
computing, and internet of things) and the social (leadership, ethics, and interdisciplinary 
collaboration). In the context of the 4IR, implementing a powerful optimization algorithm is 
useless if the OR leader lacks the soft skills to communicate its value or the ethical foresight to 
mitigate its societal risks. By viewing the OR professional not just as a coder of machines, but as 
a coordinator of a complex ecosystem where human behaviour and digital systems are 
inseparable, Socio - technical systems theory provides the theoretical justification for your 
argument that technical fluency must be balanced with leadership acumen. 
 
The Need for Future OR Leaders in the 4IR Context 
Beyond Traditional Analytical Capabilities: New Demands from 4IR 
The 4IR heralds fundamentally changing the demands on analytical capabilities (David et al., 
2025; Oyedokun, 2025; Newaz et al., 2025). Traditional OR methods have largely been developed 
for a world with more structured data, predictable systems, and less volatile environments. This 
explosion of complex, often unstructured, and rapidly changing information makes traditional 
analytics tools inadequate. It is no longer just about understanding "what happened", but also 
about predicting what will happen and prescribing what to do in a highly dynamic and uncertain 
context that far exceeds the boundaries of OR. These new requirements manifest themselves in 
several critical areas. First, the need for real-time decision-making in agile supply chains, smart 
manufacturing, and dynamic resource allocation far exceeds the capabilities of batch-oriented 
analytical processes (Mishra et al., 2025; Karwowski et al., 2025). Second, the sheer variety and 
unstructured nature of data from sources such as sensor networks, customer interactions, and 
machine logs requires analytics techniques that can process heterogeneous information and derive 
insights from it, not just clean, tabular data sets (Zhang et al., 2024; Ojeda et al., 2025). Thirdly, 
the deep interconnectedness of systems in the 4IR, from global logistics networks to smart urban 
infrastructures, requires holistic analytical models that can capture complex interdependencies 
and emergent behaviours and go beyond isolated problem solving (Kruger & Steyn, 2024; Parra-
Sánchez, 2025). Finally, the probabilistic and inherently uncertain nature of these environments 
requires robust analytical frameworks that can quantify risk, manage ambiguity, and provide 
resilient solutions in the face of unforeseen disruptions (Mehdiyev et al., 2024; Babaei et al., 
2024). 
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To meet these evolving requirements, OR must go beyond its traditional analytical capabilities 
and utilise a new generation of advanced tools and methods (Omol, 2024; Vashishth et al., 2024). 
This includes pattern recognition, predictive modelling and autonomous decision making. In 
addition, the burgeoning field of quantum computing offers the potential to solve optimisation 
problems of immense complexity that are unsolvable even for the most powerful classical 
supercomputers, opening up new frontiers for prescriptive analysis. The integration of advanced 
simulation techniques, digital twins, and explainable AI will also be crucial for understanding and 
validating complex system behaviours. Ultimately, the 4IR OR forces a paradigm shift, towards 
adaptive, intelligent, and networked analytical approaches to effectively manage and optimise the 
complexity of the modern world. 
 
Essential Leadership Acumen for OR Professionals in a Digitally Transformed World 
The digitally transformed world of 4IR places new and significant demands on OR professionals 
that go far beyond their technical skills (Ebekozien et al., 2024; Olaya-Escobar et al., 2024; 
Opesemowo et al., 2024; Brown, 2024). While deep analytical skills remain essential, it is now 
critical for OR professionals to possess leadership skills to make a real impact. This includes the 
ability to communicate complex analytical insights to various stakeholders in a clear, compelling 
and business-orientated way, bridging the gap between highly technical solutions and strategic 
decision making. In addition, OR leaders need to develop a strong understanding of emerging 
technologies, not only as tools but also as strategic enablers that can redefine an organisation's 
capabilities. This requires a forward-thinking mindset, openness to continuous learning and the 
ability to imagine how these innovations can be used to create competitive advantage and solve 
previously intractable problems. In addition to technical and strategic foresight, effective 
leadership of OR professionals in this new era also requires exceptional collaboration and change 
management skills (Purnomo et al., 2024; Shahzad, 2024; Ul Hassan et al., 2025; Gabsi, 2024). 
Projects in a digitally transformed environment are inherently interdisciplinary and require OR 
teams to work seamlessly with data scientists, IT specialists, business unit managers and even 
external partners. This requires a high level of communication, negotiation skills and empathy to 
foster a common understanding and drive joint action. In addition, implementing OR solutions 
often involve significant organisational change, requiring leaders who can champion new 
processes, manage resistance and drive adoption. The ability to build and nurture high-
performing, agile OR teams that can quickly adapt to changing business needs and technological 
advances is also critical. 
 
Finally, ethical leadership skills and a people-centred approach will become increasingly 
important for OR professionals who need to navigate the complex world of 4IR (Guerrero et al., 
2025). As OR models become more sophisticated and influence critical decisions — from 
resource allocation to customer interactions — leaders must ensure that these solutions are fair, 
transparent and in line with organisational values and societal wellbeing. This includes 
proactively recognising and mitigating bias in data and algorithms, promoting responsible AI 
development and considering the broader societal impact of their work. OR leaders in a digitally 
transformed world are not only problem solvers, but also stewards of impactful technologies. 
They are responsible for guiding their ethical use and ensuring that innovation serves humanity 
and promotes trust and sustainability in an increasingly connected and data-driven future. 
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The Importance of Adaptability, Interdisciplinary Skills, and Digital Fluency 
Unlike previous revolutions, the 4IR is not just about automation or digital takeover, but about 
intelligent, networked systems that learn and adapt (Kruger & Steyn, 2024; Tenakwah & Watson, 
2025). This inherent dynamism means that static skills quickly become obsolete. For individuals 
and organisations to not only survive, but thrive, they must cultivate a workforce that is inherently 
flexible, can draw on diverse expertise and is well-versed in technology. Flexible learning is 
critical because the knowledge and skills needed today may be completely different tomorrow. 
New technologies are constantly coming onto the market, changing the job description and 
requiring constant retraining and upskilling. A lifelong learning mentality, where individuals are 
willing to embrace change and learn new skills, is no longer a desirable trait, but a necessity. This 
adaptability goes beyond technical skills to include the cognitive flexibility that allows individuals 
to change their thinking and problem-solving approaches in response to evolving challenges and 
opportunities. Furthermore, the complexity of 4IR technologies often transcends traditional 
disciplinary boundaries. Solutions to current challenges, from developing ethical AI to designing 
sustainable smart cities, require insights from engineering, computer science, biology, social 
sciences and more (Oyedokun, 2025; Paliszkiewicz & Gołuchowski, 2024). Interdisciplinary 
skills enable individuals to bridge these different fields, fostering collaboration and innovation. 
They facilitate a holistic understanding of complex problems and enable the synthesis of different 
perspectives to create truly ground-breaking and impactful solutions that would be lacking in an 
isolated approach. 
 
While technical mastery in linear programming or simulation is the price of admission, OR 
leadership requires a specific set of competencies to bridge the gap between abstract mathematics 
and messy industrial reality.  Digital literacy is the basic requirement to navigate the 4IR 
landscape (Livi & Gabriel-Salubi, 2024; Kruger & Steyn, 2025). It goes beyond basic computer 
skills and includes a deep understanding and confident use of digital tools, data analytics, AI, 
cybersecurity and networked systems. Digital literacy means being able to use these technologies 
effectively, analyse large amounts of data, interpret complex algorithms and contribute to the 
development of new digital solutions. Without these skills, individuals run the risk of falling 
behind in a world that is increasingly dominated by digital processes and innovations. 
 
Innovative Training Strategies in OR Education for the 4IR 
The 4IR has fundamentally changed the field of OR, creating an urgent need for a new type of 
leader who can manage its increasing complexity (Tashakori & Sobhanifard, 2024). This shift 
requires not only advanced technical capabilities but also essential leadership skills. Future OR 
leaders need to be adept at communicating complex insights, possessing strategic foresight to 
leverage emerging technologies, and demonstrating strong collaboration, change management, 
and ethical leadership to ensure responsible and impactful solutions in this digitally transformed 
world. 
 
Integration of Advanced Data Analytics, AI, and Other 4IR Technologies 
Curriculum Development for AI/ML, Internet of Things, and Digital Twins in OR 
Curriculum development for OR must undergo a significant transformation to effectively prepare 
professionals for the demands of the 4IR (Al-Maskari et al., 2024; Nafukho et al., 2024; Livi & 
Gabriel-Salubi, 2024; Chowdhury et al., 2024). These technologies are no longer just a marginal 
phenomenon, but of central importance for modern operational challenges. They generate huge 
amounts of real-time data, enable predictive and prescriptive insights, and facilitate the 
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comprehensive modelling of complex systems. Therefore, in addition to solid programming skills 
in languages such as Python or R, OR curricula must also include fundamental knowledge of data 
science, including data acquisition, cleansing and management. Students need to understand the 
principles behind various AI/ML algorithms, their applicability to optimisation and decision-
making problems, and how to use them effectively to extract actionable insights from high 
velocity, high volume data streams generated by Internet of Things devices. Developing such a 
curriculum requires an interdisciplinary approach, that incorporates insights from computer 
science, data science, engineering, and business management (Akpan et al., 2025; Gerhart et al., 
2025; Allil, 2024). Practical application should be a cornerstone, with an emphasis on project-
based learning, case studies, and hands-on experience with industry-standard software and 
platforms. This includes training in cloud-based computing, relevant APIs, and simulation tools 
that digital twins can use for scenario analysis and system optimisation. In addition, ethical 
considerations, such as data privacy, algorithmic bias, and the societal impact of automated 
decision making, need to be included in the curriculum to foster responsible and human-centred 
OR experts. The goal is to develop a new generation of OR professionals who are not only 
proficient in traditional analytical techniques, but also fluent in cutting-edge digital technologies 
to solve the complicated problems of a hyper-connected world. 
 
Hands-on Training with Modern OR Software and 4IR Platforms 
Practical training with modern OR software and 4IR platforms is no longer just an additional 
component, but an indispensable element in the development of competent OR professionals 
(Oyedokun, 2025). At a time when theoretical knowledge alone is no longer enough, hands-on 
experience with industry-standard tools and cutting-edge technologies is crucial for translating 
complex analytical concepts into tangible solutions. Modern OR software has evolved to integrate 
seamlessly with 4IR technologies, offering capabilities for big data analytics, the use of ML 
models, cloud-based optimisation and real-time decision support. Direct exposure to these 
platforms enables professionals to understand the practical challenges of data integration, model 
formulation for different data types, solution implementation, and performance monitoring in 
real-world, dynamic environments, bridging the critical gap between academic theory and 
practical application. In addition, hands-on education provides invaluable benefits by immersing 
learners in scenarios that reflect the complexity of a digitally transformed world (Kohn, 2024; 
Crogman et al., 2025). This type of training enables the development of practical skills in areas 
such as data manipulation, algorithm implementation, model validation, and interpretation of 
results using real, often chaotic data sets. Exposure to 4IR platforms, including cloud-based 
quantum computing environments, allows OR practitioners to experiment with new technologies, 
understand their computational intricacies and explore their potential for solving previously 
intractable problems. It also fosters a deeper understanding of overall OR workflows, from 
problem definition and data preparation to model implementation and system integration in an 
organisational context. This hands-on engagement is essential to cultivate the agile and adaptive 
problem-solving skills required to innovate and lead in the rapidly evolving landscape of the 4IR. 
 
Experiential Learning Approaches for Complex 4IR Problems 
Experiential learning approaches are becoming increasingly important for OR professionals to 
overcome the complex challenges of 4IR (Oyetade et al., 2025; Uleanya, 2024). Traditional 
pedagogical methods, which often focus on theoretical lectures and textbook problems, are not 
sufficient to prepare individuals for the ambiguity, interconnectedness, and fast pace of the 4IR 
environment in the real world. Experiential learning, on the other hand, immerses learners in 
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authentic scenarios, that allow them to actively engage with problems, make decisions, observe 
consequences, and reflect on their experiences. This hands-on engagement fosters a deeper 
understanding of complex systems, cultivates critical thinking, and develops the adaptive 
problem-solving skills that are essential for navigating the dynamic and often unpredictable 
landscape of digital transformation. A very effective experience-based approach is the use of 
simulations and digital twins (Bosso et al., 2024; Ali et al., 2024; Iranshahi et al., 2025; Mbamba, 
2024). In 4IR, physical assets and processes are increasingly mirrored by their digital 
counterparts, providing OR professionals with rich opportunities for experimentation without 
real-world risks. Learners can engage with realistic simulations of complex supply chains, smart 
factories, or urban transport networks, test different optimisation strategies, observe their effects 
and refine their models in a controlled but realistic environment. Digital twins, in particular, 
provide a dynamic, real-time representation of a system, that enables predictive analyses and 
proactive decision-making. By interacting with these virtual environments, OR professionals can 
gain invaluable experience in managing data streams, deploying AI-driven optimisation 
algorithms, and understanding the emergent behaviour of interconnected 4IR systems. 
 
Case studies and problem-based learning, when designed to reflect the complexity of 4IR, also 
serve as powerful experiential tools (Cronje & Enslin, 2024). These approaches go beyond 
simplified textbook examples, and present learners with multi-layered, ill-defined problems 
derived from real-world industry scenarios involving big data, AL/ML, AI integration, and 
cybersecurity considerations. Learners are asked to define the problem, identify relevant data, 
select appropriate OR methods (possibly including quantum-inspired techniques), develop 
solutions, and present their findings, often working in interdisciplinary teams. This process not 
only strengthens analytical skills, but also develops important soft skills such as critical thinking, 
collaboration, communication, and adaptability — all essential for success in a digitalised work 
environment. Hackathons and data challenges offer another dynamic and engaging format for 
experiential learning (Sotaquirá-Gutiérrez et al., 2025). These intensive, time-limited events 
challenge participants to solve specific 4IR-related OR problems using real-world or realistic data 
sets and modern software platforms. Whether it's optimising logistics routes using real-time traffic 
data, predicting device failures using sensor data, or developing efficient energy grids, hackathons 
require participants to quickly prototype solutions, collaborate under pressure, and concisely 
present their findings. This competitive yet collaborative environment accelerates learning, 
familiarises participants with different problem-solving approaches, and gives them immediate 
feedback on the effectiveness of their OR models and their ability to integrate with 4IR 
technologies. 
 
Finally, industry projects and internships represent the culmination of experiential learning for 
OR professionals in the 4IR (Ebekozien et al., 2024; Brown, 2024). Working directly in 
organisations grappling with digital transformation provides unparalleled insight into the real-
world complexities, stakeholder dynamics, and practical constraints of implementing OR 
solutions. Interns and project participants contribute to live projects, and apply their analytical 
skills to optimise operations, improve decision making, and drive innovation with 4IR 
technologies. This direct engagement not only deepens their technical expertise, but also develops 
essential professional skills such as project management, client communication, and navigating 
organisational structures, preparing them to be effective leaders and contributors in the rapidly 
evolving landscape of OR. 
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Skill-Building for Dynamic and Complex 4IR Environments 
The 4IR has ushered in an era of unprecedented dynamism and complexity, fundamentally 
reshaping the demands on professionals across all sectors, including OR (Oyedokun, 2025; 
Ahiaku & Muyambi, 2024; Matjokana & David, 2024). 4IR environments are defined by vast, 
interconnected data streams, autonomous systems, and a relentless pace of change. Navigating 
this landscape effectively requires more than just specialized knowledge; it demands a 
comprehensive suite of evolving skills that enable individuals and organizations to adapt, 
innovate, and thrive. Skill-building for these environments is not merely about acquiring new 
tools, but about cultivating a mindset of continuous learning, critical thinking, and 
interdisciplinary collaboration to tackle challenges that are often ambiguous, non-linear, and 
constantly evolving. At the core of skill-building for 4IR environments are advanced analytical 
and technical proficiencies. While foundational OR techniques remain relevant, professionals 
must now master data science methodologies (Bhattacherjee & Badhan, 2024; Chaudhary et al., 
2024; Ramineni et al., 2024; Zong & Guan, 2025). Proficiency in cloud computing platforms is 
essential for scalable model deployment and data management, while an understanding of 
emerging technologies like blockchain and the Internet of Things is crucial for comprehending 
data provenance and system architectures. Furthermore, a foundational grasp of quantum 
computing principles, even at a conceptual level, is becoming increasingly important, as this 
technology holds the key to solving optimization problems currently intractable for classical 
computers, pushing the boundaries of what OR can achieve. 
 
Beyond technical expertise, a robust set of human-centric or "soft" skills is indispensable for 
success in dynamic 4IR settings. Effective communication is paramount, enabling OR 
professionals to translate complex analytical findings into clear, compelling narratives for non-
technical stakeholders, fostering understanding and buy-in. Collaboration skills are vital for 
working in agile, cross-functional teams that often span diverse disciplines, requiring empathy, 
negotiation, and the ability to build consensus. Critical thinking and complex problem-solving are 
more important than ever, as 4IR challenges rarely have straightforward solutions and often 
require creative, adaptive approaches. Finally, adaptability and resilience are crucial traits, 
allowing professionals to embrace rapid technological shifts, learn new paradigms quickly, and 
navigate uncertainty with confidence. Strategic acumen and ethical awareness form another 
critical pillar of skill-building for the 4IR. Professionals must develop a keen understanding of 
business strategy and organizational objectives, ensuring that OR solutions are not just technically 
sound but also align with broader strategic goals and deliver tangible business value. This includes 
foresight—the ability to anticipate future trends, identify emerging opportunities, and proactively 
address potential disruptions. Equally important is a strong ethical compass. As AI and OR 
models increasingly influence critical decisions, professionals must be equipped to identify and 
mitigate algorithmic biases, ensure data privacy, and champion the responsible and equitable 
deployment of technology. This ethical leadership is essential for building trust and ensuring that 
technological advancements serve the greater good. 
 
Ultimately, skill-building for dynamic and complex 4IR environments is an ongoing journey that 
emphasizes continuous learning and an interdisciplinary approach. The rapid pace of 
technological innovation means that skills quickly become outdated, necessitating a commitment 
to lifelong learning through workshops, certifications, and self-study. Breaking down traditional 
silos between disciplines—such as OR, computer science, engineering, and business—is also 
vital. Professionals who can integrate knowledge from multiple fields, understand diverse 
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perspectives, and apply a holistic problem-solving approach will be best positioned to drive 
innovation and lead organizations through the transformative challenges and opportunities 
presented by the 4IR. 
 
A Comprehensive Framework for OR Skill Development in the 4IR 
Developing the next generation of OR professionals requires a modern and comprehensive 
framework that goes beyond traditional classroom learning. This framework is built on three 
pillars: Foundational Skills, Innovative Training Modalities, and a Continuous Learning 
Ecosystem. The first pillar, foundational skills, emphasises a solid understanding of core concepts 
while incorporating modern technology skills. Future OR professionals need to master not only 
traditional mathematical modelling and optimisation algorithms, but also statistical analysis, data 
science, and key programming languages such as Python. Equally important are key soft skills, 
such as effective communication, problem structuring, and the ability to collaborate across 
disciplines. The second pillar, innovative teaching methods, moves away from static lectures 
towards a more dynamic and engaging approach. This includes project-based and practise-
orientated learning, where participants work on real-life case studies and live projects to apply 
their knowledge in a practical context. Blended and personalised learning models, combining 
face-to-face workshops with flexible online modules, are also crucial to cater for different 
learning styles and paces. In addition, mentoring and coaching programmes, including reverse 
mentoring, are essential for knowledge transfer between experienced professionals and their 
younger, digitally grown colleagues. 
 
The final pillar, an ecosystem for continuous learning, recognises that the that professional 
development must be a lifelong journey. This ecosystem promotes continuous learning through 
professional development and certification programmes that validate modern skills. It also 
promotes knowledge exchange platforms where professionals can collaborate and share insights. 
To ensure the curriculum remains relevant, an adaptable approach is required, guided by an 
advisory board of industry leaders who can integrate new technological advances and micro-
learning modules. Ultimately, this framework ensures that the next generation of OR 
professionals not only have the technical skills to solve complex problems, but also the business 
acumen and interpersonal skills to translate those solutions into meaningful organisational impact. 
By integrating these three pillars — foundational knowledge, innovative training, and a culture 
of continuous learning — we can cultivate a new generation of OR professionals who are ready 
to take on the challenges of an increasingly data-driven and technology-centric world. 
 
Conclusion 
This study argues that the 4IR has fundamentally changed the landscape of (OR, and requires a 
new paradigm for both education and professional leadership. Traditional OR methods, while still 
valuable, are inadequate for the scale, complexity, and dynamics of 4IR data. The study identifies 
three critical areas where OR professionals are challenged. The 4IR requires a shift from 
deterministic models to more nuanced, probabilistic frameworks that can handle real-time, 
unstructured data from sources such as IoT devices and social media. This requires OR 
professionals to integrate new tools such as AI, ML, and quantum computing to solve previously 
intractable problems and deliver prescriptive insights. Today's OR leaders must have skills that 
go beyond technical expertise. They must be effective communicators who can translate complex 
insights into business-orientated strategies, and they must be willing to collaborate in 
interdisciplinary teams. In addition, ethical leadership is critical to ensure that sophisticated OR 
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models are fair, transparent, and used responsibly to avoid bias and align with societal values. 
The rapid pace of change in the 4IR makes static skills obsolete. Professionals need to adopt a 
lifelong learning mindset and have cognitive flexibility to adapt to evolving challenges. 
Interdisciplinary skills are also important to combine fields such as engineering, computer 
science, and social sciences to create holistic solutions to complex problems. 
 
To train the next generation of OR professionals, the study proposes a comprehensive framework 
based on three pillars: essential skills, innovative training modalities, and a continuous learning 
ecosystem. This framework ensures that professionals not only have a solid foundation in the core 
concepts of OR, but also master modern technologies and important soft skills such as 
communication and collaboration. It advocates dynamic, hands-on learning through case studies, 
simulations, and hackathons, which are better suited to prepare individuals for the ambiguity and 
unpredictability of the 4IR environment. The final pillar emphasises that professional 
development must be a lifelong journey, supported by knowledge-sharing platforms and an 
adaptable curriculum that keeps pace with technological advances. Finally, by integrating these 
pillars, the framework provides a blueprint for developing OR leaders who can translate technical 
solutions into meaningful organisational and societal impact. 
 
Theoretical Contribution 
This research offers a significant theoretical contribution by establishing a Socio-Digital OR 
Framework that synthesizes the technical rigor of the 4IR with human-centric leadership. By 
extending Socio-Technical Systems Theory, the study argues for a shift in the OR professional's 
role from a manual calculator to a strategic orchestrator of increasingly autonomous systems like 
AI and Digital Twins. Furthermore, it advances Experiential Learning Theory by identifying 4IR 
are essential for developing professional intuition in non-deterministic, high-velocity data 
environments where traditional, linear learning models fail. Practically, the study provides an OR 
leadership blueprint that serves as a methodological roadmap for academic and corporate 
modernization. It highlights a critical need for curriculum reformulation, moving away from 
Simplex-era degree structures to include transversal skills such as interdisciplinary collaboration, 
ethical AI oversight, and data storytelling. By proposing a training model that bridges the gap 
between abstract, high-level technologies - such as quantum computing - and grounded, real-
world applications like hackathons and industry projects, the research offers actionable insights 
to ensure the next generation of OR professionals can navigate and lead through rapid 
technological disruption. 
 
Recommendations for industry training programmes 
Based on the findings of the study, industry education programmes should take a proactive and 
integrated approach to educating OR professionals: 

i. Integrate 4IR technologies: Update curricula to teach core knowledge about AI/ML, the 
Internet of Things and digital twins. This should go beyond theory to include hands-on 
practise with industry-standard software and cloud-based platforms. 

ii. Emphasise experiential learning: Go beyond traditional lectures by incorporating project-
based learning, simulations, and hackathons. These methods provide a realistic context 
for problem solving and help professionals develop the critical thinking and adaptability 
they need for complex, real-world problems. 

iii. Promote soft skills and ethical leadership: Actively build skills in communication, 
collaboration, and change management. Integrate discussions about privacy, algorithmic 
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bias, and the societal impact of OR solutions to develop ethical leaders who can advocate 
for the responsible use of technology. 

iv. Encourage continuous learning: Create a culture of continuous learning by providing 
opportunities for ongoing education through workshops, certifications, and knowledge-
sharing platforms. This will ensure that the workforce remains flexible and can adapt to 
the fast pace of technological innovation. 
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